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Behavioural and neural responses provide a window
into the information processing tasks carried out
during language processing.

Incremental alternative sampling models the comprehender as
generating and evaluating alternative hypotheses about
possible continuations of partial linguistic contexts.

shook it

Kissed it fervently

@he togk g ha® and kigged @ fervefly.

/ How likely is the word < | —
‘kissed’ given its
preceding context?
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She took his hand and

he tried not to shudder in relief
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It would be alright
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that she loved him

She took his hand and said

nothing for a moment
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Artificial neural network language models can serve
as computational simulations to operationalise
quantitative, verifiable hypotheses.
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Incremental processing engages prediction across multiple
temporal and representational resolutions.

IAS predicts predictability under the human language model.
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